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• Successful reconstruction of faces from fMRI using AAM
• Similar reconstruction accuracy for AAM vs. Eigenface models
 - contrasts with evidence from monkeys1

 - subjective advantage for AAM reconstructions
• Highest accuracy in occipital cortex and fusiform gyrus
 - for AAM, fusiform reconstructions subjectively preferred over 
      occipital
• Appearance components better predicted than shape components4

• Subjective face ratings successfully predicted from AAM 
  reconstructions3

 - AAM reconstructions captured subjectively-relevant information

Conclusions
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Successful prediction of AAM and Eigenface components, 
but no difference between models

• Prior studies have shown that face images can be reliably
  reconstructed from fMRI or electrophysiological recordings1,2,3,4,5,6

• These studies rely on parameterizing faces and mapping
  parameter values to neural activity
• Eigenfaces have proven successful in human fMRI studies2,3

• However, electrophysiological recordings from monkeys 
  indicate an advantage for the Active Appearance Model (AAM)
  over Eigenfaces1

• How does the AAM compare to Eigenfaces for human fMRI 
  reconstructions?

Appearance components significantly better predicted than shape components for occipital cortex and fusiform gyrus
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AAM reconstructions subjectively judged as more accurate.
Relative preference for AAM reconstructions from fusiform

n=35; 3T Skyra; 9 functional runs; 2x2x2mm 
voxels size; 4mm smoothing
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